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'¥ Coral E WHATS NEW? i= FEATURES = DATASETS M PUBLICATIONS © HELP START ANALYSIS

Coral is a cohort analysis tool to interactively create and refine patient cohorts,
while visualizing their provenance in the Cohort Evolution Graph. The resulting cohorts can then
be compared, characterized, and inspected down to the level of single entities.

@ Watch intro video ® Learn more about Coral
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Getting Started

The workflow of Coral consists of two steps: creating cohorts, and characterizing them. Operations from these two categories are carried
out in an iterative workflow.

P. Adelberger et al., "Coral: a web-based visual analysis tool for creating and
characterizing cohorts.” in Bioinformatics 37.23,2021
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for details.
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No p-Value correction for multiple comparisons.
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Getting Started

The workflow of Coral consists of two steps: creating cohorts, and characterizing them. Operations from these two categories are carried

- out in an iterative workflow.
melanoma (Tumor Type) SCLC (Tumor Type)

K. Eckelt et al., "TourDino: A Support View for Confirming Patterns P. Adelberger et al., "Coral: a web-based visual analysis tool for creating and
in Tabular Data.“ EuroVis Workshop on Visual Analytics, 2019 characterizing cohorts.” in Bioinformatics 37.23,2021
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START ANALYSIS

Coral is a cohort analysis tool to interactively create and refine patient cohorts,
while visualizing their provenance in the Cohort Evolution Graph. The re
be compared, characterized, and inspected down to the level of
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Cohort Creation

An initial cohort that contains all items of the selected dataset is created automatically. Creation
operations allow users to create new sub-cohorts based on different attributes and attribute
combinations. Cohorts are refined with the Fifter operation, or divided into multiple cohorts with
the Split operation.

A.H.Nassar et al., "Distribution of KRAS G12C somatic mutations
across race, sex, and cancer type." in New England Journal of

Cohort™sAgpPatiétiz¥tion

Characterization operations give insights into the cohorts. Similarities and differences between
cohorts can be checked visually with the View operation, and statistically with the Compare
operation. Additional operations give access to prevalence information and the data of individual
items.
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K. Eckelt et al., "Visual Exploration of Relationships and Structure in Low-Dimensional Embeddings,”
in IEEE Transactions on Visualization and Computer Graphics, 2022, doi: 10.1109/TVCG.2022.3156760.
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